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Abstract 

In recent years, artificial intelligence has emerged as a transformative technology in the 

field of accounting, offering numerous opportunities to enhance the accuracy, 

efficiency, and speed of financial data processing. This study aims to identify and 

prioritize future opportunities for the use of AI in accounting by employing both 

qualitative and quantitative research methods for data collection and analysis. In the 

qualitative phase, 40 key opportunities were identified through in-depth interviews with 

20 accounting experts in Tehran. These opportunities were then categorized into 12 

main components and finally grouped into 4 overarching categories using factor 

analysis and conceptual clustering techniques. In the quantitative phase, fuzzy Delphi 

and multi-criteria decision-making techniques were used to prioritize the identified 

opportunities. The findings reveal that the most significant future opportunities include 

automation of accounting processes, business intelligence and advanced analytics, 

intelligent auditing and fraud detection, and optimization of financial and tax systems. 

The study also highlights potential challenges in implementing AI, such as the need for 

investment in digital infrastructure, training of human resources, and the development 

of legal and ethical frameworks. Based on the research results, practical 

recommendations are provided for financial and accounting managers to effectively 

leverage upcoming opportunities. 

Keywords: Artificial Intelligence, Digital Accounting, Financial Automation, Financial Data 

Analytics, Intelligent Auditing, Fraud Detection, FinTech, Multi-Criteria Decision Making, Fuzzy Delphi, 

Foresight in Accounting.. 
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Introduction 

In recent years, artificial intelligence (AI) has brought about significant transformations across various 

domains, and one of the areas profoundly impacted by this technology is accounting. The emergence of 

machine learning algorithms, natural language processing, and big data analytics has revolutionized 

traditional accounting practices, paving the way for optimizing financial processes, reducing human error, 

and increasing the efficiency of accountants (Rahman et al., 2022). 

However, there are still challenges on the path to the effective adoption and utilization of AI in this field. 

These challenges include uncertainty in outcomes, the complexity of AI models, the need for high-quality 

data, and ethical and security concerns. Therefore, identifying and prioritizing future opportunities for AI 

utilization in accounting can help organizations leverage this technology more intelligently and 

effectively. 

The use of AI in accounting can enhance the accuracy and reliability of financial reporting, accelerate 

audit processes, and enable more precise forecasting of financial trends. For example, machine learning-

based systems can detect hidden patterns in financial data, thereby assisting managers in making strategic 

decisions. Moreover, automating accounting processes through AI can reduce operational costs and boost 

organizational productivity. Nevertheless, to fully capitalize on this technology, it is essential to identify 

and prioritize the areas with the highest potential for AI application. This requires a thorough examination 

of technological trends, the needs of the accounting industry, and implementation challenges. 

Another significant opportunity for using AI in accounting lies in improving internal controls and 

detecting financial fraud. Advanced data analytics algorithms can identify anomalies in financial 

transactions and help prevent financial crimes. This capability is particularly critical in environments with 

large volumes of financial data. Additionally, the use of chatbots and intelligent assistants in accounting 

tasks can help reduce the workload on accountants and enable faster responses to customer inquiries. 

These technologies can analyze financial data in real time and generate highly accurate reports as needed. 

On the other hand, challenges such as the lack of transparency in algorithmic decision-making, 

dependence on extensive datasets, and the need to adapt legacy systems to new technologies are barriers 

that must be addressed and managed. 

Given the importance and potential impacts of AI on the future of accounting, there is a pressing need for 

comprehensive research to identify and prioritize existing opportunities in this field. Such research can 

contribute to the development of a strategic framework for the optimal use of AI by examining successful 

global experiences, assessing the readiness of companies to adopt new technologies, and analyzing the 

economic and organizational implications of AI. 

Furthermore, understanding the factors influencing the acceptance and implementation of AI in 

accounting—including legal considerations, accounting standards, and changes in the role of 

accountants—can guide organizations in navigating this evolving landscape. Ultimately, by identifying 

key opportunities and formulating appropriate strategies, it is possible to harness the potential of AI to 

transform and improve accounting processes in a sustainable and effective manner. 
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Lecture Review 

Accounting is referred to as the language of business because the final outcome of the accounting process 

is a report on a company's business performance in the form of reporting and financial statements 

(accounting information). Accounting information is intended to meet the needs of stakeholders in the 

decision-making process. Business stakeholders (management, investors, creditors, potential investors, 

potential creditors, government, society, and company employees) use accounting information to make 

decisions based on their needs. 

Accounting continually evolves to support business development and ensure the needs of stakeholders are 

met. The current accounting information system has evolved in line with business development and 

advancements in information technology. The digitization and automation of accounting processes have 

helped businesses simplify their accounting procedures, allowing them to provide high-quality, relevant, 

and timely accounting information. Various companies have successfully developed accounting software 

that is integrated with commercial and industrial blockchain networks. 

Currently, business development is in the stage of the Fourth Industrial Revolution (Industry 4.0), 

focusing on the development of digital-based business processes and products. The high growth in 

demand for technology—especially information and communication technology (ICT)—by industrial 

companies could become the fuel of the future for Industry 4.0 and create more positive impacts in 

various areas (Simamarta et al., 2021). The fourth generation of industries enables the modern economy 

to become more innovative, which undoubtedly increases productivity. Accounting, as the language of 

business, must be able to seize opportunities and respond to the challenges of Industry 4.0. Therefore, all 

forms of progress in information and communication technology (ICT) will bring both opportunities and 

challenges to accounting. Current ICT trends transforming business concepts include: the Internet of 

Things (IoT), blockchain, big data, cloud computing, and artificial intelligence (AI). 

Artificial intelligence has increasingly attracted the attention of academics and accounting professionals. 

Various literature and discussions have actually increased concerns about the loss of some areas of 

accounting work due to being replaced by AI. It is predicted that AI could replace the task of preparing 

financial statements with its automation capabilities. However, the use of AI in ICT must be carefully 

observed and studied in order to identify opportunities to expand the services offered by the accounting 

profession and address challenges and limitations in accounting. 

Although AI techniques like machine learning are not new and the pace of change is rapid, their 

widespread adoption in business and accounting is still in its early stages. To create a positive vision for 

the future, we must develop a deep understanding of how AI can solve accounting and business problems, 

the practical challenges, and the skills accountants need to work alongside intelligent systems. 

Accounting 

Accounting is the process of identifying, collecting, and storing data, as well as the process of developing, 

measuring, and communicating information (Romney & Steinbart, 2015). The final outcome of the 

accounting process is accounting information in the form of reports and financial statements. The main 
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objective of accounting is to provide financial information about the reporting entity that is useful to 

current and potential investors, lenders, and other creditors in making decisions about providing resources 

to the business entity (Kieso et al., 2014). According to Dangar et al. (2020), the functional areas of 

accounting are as follows: 

a. Auditing refers to the inspection or review of various accounting records by an auditor. It is conducted 

to ensure the accuracy of financial statements. It includes three types of auditors: external, internal, and 

EDP auditors. EDP (Electronic Data Processing) auditors can be either internal or external and deal with 

auditing computer-based systems. This type of auditor has the right tools and expertise to minimize 

errors. 

b. Accounting Information Systems (AIS) refer to computerized systems developed to meet the needs of 

management and external users. Accordingly, management and external resources rely on expert systems 

accustomed to the development and implementation of AIS. 

c. Management Accounting relates to providing professional knowledge and the ability to disclose 

relevant accounting information. In management accounting, AI plays a vital role in data record-keeping 

for decision-making, policy formulation, planning, and business control. It mainly helps the organization 

make relevant decisions regarding investments or generating higher profits. 

d. Financial Accounting is the process of preparing financial statements that companies use to present 

their performance and financial position to outsiders such as investors, creditors, suppliers, and 

customers. 

e. Tax Accounting focuses on the preparation, analysis, and submission of tax returns and tax payments. 

These are complex and time-consuming processes, but today, tax filing and tax calculations have become 

much easier through various accounting software. 

2. Accounting Information System (AIS) 

Romney and Steinbart (2015) state that the Accounting Information System (AIS) is an intelligence tool 

(information provider) of the language of business (accounting), and it includes the following 

components: 

a. The people who use the system   

b. The procedures and instructions used to collect, process, and store data   

c. The data about the organization and its business activities   

d. The software used to process the data   

e. The IT infrastructure   

f. Internal controls and security measures that safeguard AIS data   
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These components enable AIS to perform the following business functions: 

a. Collect and store data about the organization’s activities, resources, and personnel   

b. Transform data into information so management can plan, execute, control, and evaluate activities, 

resources, and personnel   

c. Provide adequate controls to safeguard the organization’s assets and data 

3. Accounting Profession and Services 

According to Weygandt et al. (2019), the accounting profession is grouped based on the type of services 

offered: 

a. Public Accountants who provide specialized services to the public, including:   

1) Auditing – the core aspect of public accounting, where an independent accountant such as a Chartered 

Accountant (CA) or Certified Public Accountant (CPA) gives an opinion on the accuracy of financial 

statements in presenting a company’s results and financial position.   

2) Taxation – involving tax planning, preparing annual returns, and representing clients in dealing with 

the tax authorities.   

3) Management Consulting – includes installing basic accounting software or complex enterprise resource 

planning (ERP) systems, and providing support services for major marketing projects, mergers, and 

acquisitions. 

b. Corporate Accountants are accountants employed by companies as corporate or managerial 

accountants. Their work areas include cost accounting, budgeting, AIS design and support, depreciation, 

tax planning, and internal auditing. 

c. Government Accountants are accountants working for government organizations. Their work 

environments include tax authorities, law enforcement agencies, and regulatory bodies. 

d. Forensic Accountants use accounting, auditing, and investigative skills to conduct investigations into 

theft and fraud. Their scope of work includes tracking money laundering and dealing with theft and tax 

evasion. 

4. Artificial Intelligence (AI) 

According to Simamarta et al. (2021), artificial intelligence is a science concerned with creating machine 

intelligence capable of performing tasks that were previously carried out only by humans. Most of this 

machine intelligence is symbolic and heuristic. AI is based on various disciplines such as computer 

science, biology, psychology, linguistics, mathematics, and engineering. The main goal of AI is to 
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develop computer functions related to human intelligence, such as reasoning, learning, and problem-

solving. Delipetrev et al. (2020) outline the commonly known types of AI as follows: 

a. Artificial Narrow Intelligence (ANI), often referred to as Weak AI, is the most common type of AI 

today. ANI systems can perform one or several specific tasks and operate in a predefined environment. 

Examples include virtual assistants like Siri and Alexa, language translation, recommendation systems, 

image recognition, facial recognition, etc. 

b. Artificial General Intelligence (AGI), or "Strong AI", refers to machines that demonstrate human-level 

intelligence. In other words, AGI aims to perform any intellectual task that a human can do. AGI is often 

depicted in science fiction as machines that interact with humans with consciousness, intelligence, 

emotions, and self-awareness. Currently, AGI does not exist. 

c. Artificial Superintelligence (ASI) is defined as “any intellect that greatly exceeds the cognitive 

performance of humans in virtually all domains of interest” (Bostrom, 2016). ASI is expected to surpass 

human intelligence in all aspects—such as creativity, general wisdom, and problem-solving. It is assumed 

that ASI would demonstrate levels of intelligence beyond even the brightest human minds. Many thinkers 

express concern about ASI. For now, ASI remains within the realm of science fiction. 

d. Machine Learning (ML), a subfield of AI, is the scientific study of algorithms through which computer 

systems learn from experience. ML algorithms build a model based on sample data—known as "training 

data"—to make predictions or decisions without being explicitly programmed. 

e. AI has entered a number of fields, including: AI in healthcare; AI in business; AI in education; AI in 

finance; AI in law; and AI in manufacturing (Simamarta et al., 2021). 

5. Previous Studies 

a. "Artificial Intelligence in Accounting: Opportunity and Challenge" (Dongre et al., 2020) discusses how 

AI plays a vital role in accounting from the perspective of both opportunities and challenges. 

b. "AI and the Future of Accounting" (Leadership, n.d.) provides an overview of how AI creates 

opportunities and addresses challenges in the field of accounting. 

c. "AI Watch – Historical Evolution of Artificial Intelligence: An Analysis of Three Major Paradigm 

Shifts in AI" (Delipetrev et al., 2020) reflects the similarities and differences between the different 

periods of AI. The first two periods follow a similar pattern: scientific progress, research paradigm shifts, 

bold predictions, widespread media attention, significant investments, disappointments, unfulfilled 

promises, and the onset of AI winter. 

d. "Roadmap Analysis of Accounting for the Era of Industry 4.0" (Tata Rini, 2019) discusses the impacts 

of the Fourth Industrial Revolution on the fields of management, finance, and business. 

Future Opportunities for Using AI in Accounting 
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The rapid developments in AI, particularly in accounting, have led to a reassessment of traditional 

methods' effectiveness. Many analyses highlight the inefficiencies of legacy systems as a major 

challenge. However, it must be considered that some problems are not inherently due to the traditional 

methods themselves but rather stem from users’ inability to apply these methods effectively. In many 

cases, human errors, inaccurate data entry, misinterpretation of information, and reliance on trial-and-

error methods have reduced the efficiency of traditional systems. 

In contrast, AI technologies can address these shortcomings by increasing accuracy, reducing data 

processing time, and optimizing financial processes (Ramah et al., 2022). However, to benefit from AI’s 

advantages, it’s important to note that successful implementation in accounting depends on users’ 

acceptance and ability to utilize these tools. 

In the modern era, where digitalization has become a necessity, simply replacing traditional methods with 

AI-based systems will not yield the desired outcomes. It is essential to cultivate a smart-working culture 

alongside this technological shift. Many organizations struggle to fully utilize AI’s potential due to 

employees’ inability to adapt to new technologies (Adamson, 2022). Although AI tools are capable of 

learning and processing vast volumes of data, without sufficient knowledge and a proper user approach, 

they may lead to poor decisions (Bengio, 2009). Therefore, organizations must invest not only in new 

technologies but also in training programs to enhance accountants' digital literacy and analytical skills so 

that these changes align with the intended direction. 

On the other hand, future opportunities for using AI in accounting extend beyond merely optimizing 

financial processes. AI can also contribute to improving strategic decision-making (Dongre et al., 2020). 

Machine learning algorithms and natural language processing enable the analysis of complex financial 

data, identification of anomalies, and prediction of economic trends. These capabilities allow accountants 

to move beyond traditional roles and take on advisory and analytical positions within organizations. 

However, it is important to note that the success of these tools depends not only on the technology itself 

but also on users' willingness to adopt and adjust their perspectives (Kieso et al., 2009). If organizational 

culture does not shift toward accepting these changes, even the most advanced AI tools may not be used 

effectively and will fail to deliver added value. 

Ultimately, to make the most of AI’s future potential in accounting, a combined approach involving both 

technology and human resource development is essential. Accounting firms and institutions must invest 

not only in AI infrastructure but also in upskilling their workforce. Promoting awareness of AI tools, 

educating users on their benefits and limitations, and striking a balance between human analysis and 

algorithmic decision-making are key actions that can increase the efficiency of this technology (Nawaz et 

al., 2016). In the end, smart accounting should not be limited to changing tools—it must be accompanied 

by changes in mindset and improved digital literacy to ensure that the final output is fair, accurate, and 

aligned with expectations. 

Research Methodology 
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In this study, a mixed-method (qualitative-quantitative) research approach was employed. In the 

qualitative phase, the fuzzy Delphi method was used to identify and prioritize future opportunities for the 

use of artificial intelligence (AI) in the field of accounting. The statistical population of this research 

consisted of 20 accounting experts in Tehran, selected through purposive sampling. These experts 

included university professors, financial managers, senior auditors, and fintech specialists with sufficient 

experience and knowledge in both AI and accounting. In the first stage, semi-structured interviews were 

conducted to gather their perspectives on the potential opportunities of AI in accounting. The qualitative 

data collected were then analyzed and categorized using open, axial, and selective coding techniques. 

This analysis led to the identification of 40 key opportunities, which were then integrated into 12 and 

subsequently into 4 main components. In the next step, these components were evaluated and ranked 

using a fuzzy decision-making matrix and the Delphi method to reach expert consensus. In the 

quantitative part of the study, statistical tests and multi-criteria decision-making (MCDM) techniques 

were used for data analysis. To prioritize the main components, the Analytic Hierarchy Process (AHP) 

method was applied. 

Finding 

Since the purpose of this research is to explore future opportunities for using artificial intelligence in the 

field of accounting , The analysis of the findings of this chapter is carried out as an analysis of qualitative 

findings. In fact, the variables required for the research model are extracted from the interviews and the 

relationships between them are determined ¬. In order to analyze the data, first the validity of the research 

was examined according to the Lincoln and Guba (1980) method and the reliability of the research was 

examined based on the internal agreement method, then the descriptive statistics of the interviewees were 

presented and then the data were analyzed to extract codes and categories and the relationships between 

them in the Max Quda software. In the present study, the Lincoln and Guba (1980) method, which was 

formed based on four elements of transferability, validity, reliability and confirmability and confirmed the 

validity of the instrument, was used to examine the validity of the research. 

Table (1) Research validity according to Lincoln and Guba (1980) method 

Index Process 
*Transferability Survey of experts who did not participate in the present study.  

†Credibility 
interview data with Spending sufficient time researching and validating 

interviewees.  

Verification 
‡capability 

Documenting and observing all steps taken in research and documentation in 

research processes .  

§Trustworthiness 
Recording all details and notes of everything during the interview phase and its 

conduct .  

 

* Transferability  
† Credibility  
‡ Confirmation  
§ Reliability  
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To assess the reliability of the research, two people who were outside the research topic were asked, after 

necessary explanations and training, to ¬code 5 of the interviews so that the level of reliability could be 

measured and compared. 

Table (2) Research reliability using the internal consistency method 

Interview 
Number of codes extracted from 

the interview 

Number of 

agreements 

Percentage of agreement or 

reliability of the test 

Interview  

1 
43 37 86.05% 

Interview  

2 
51 42 82.4% 

Interview  

3 
37 30 81.1% 

Interview  

4 
34 25 73.53% 

Interview  

5 
28 23 82.1% 

As can be seen in the table above ¬, the internal agreement for the 5 interviews is above 70%, indicating 

acceptable reliability for the interviews conducted and the codes extracted by the researcher. The 

demographic characteristics ¬of the interviewees, including gender, education level, and last name, are 

presented in the table below. 

Table (3) ¬Demographic characteristics of interviewees 

Gender Level of education Work experience Row 

Man Master's degree 30  years  1 

Woman Master's degree 32  years  2 

Man PhD 25  years  3 

Man Expert 29  years old  4 

Man Master's degree 27  years  5 

Men Master's degree 26  years  6 

Men Doctorate 24  years  7 

Woman Doctorate 20  years  8 

Men Master's degree 19  years  9 

Woman Senior Specialist 26  years  10 

Men Senior Specialist 25  years  11 

Men Master's degree 30  years  12 

Woman Master's degree 26  years  13 

Men Master's degree 24  years  14 

Men Bachelor's degree 23  years  15 
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In order to extract the variables required by the research model in solving problems in the experts' field of 

work, several methods are used. These methods can be categorized in various ways. A common method is 

to classify these methods based on the way knowledge is obtained from the expert. Accordingly, two 

categories of direct and indirect knowledge extraction are proposed. Direct methods directly ask the 

expert for an explanation of how to do the work. A necessary condition for these methods to be successful 

is that the expert has sufficient ability and willingness to share his knowledge. In this method, information 

is easily expressed by the expert, except in cases where the expert has repeated the desired activity so 

much that the information about it seems obvious to the expert. Indirect methods are used to obtain 

information that cannot be easily expressed by the expert. Of course, the classification of methods is 

based on the type of information they provide, in addition to the way of interacting with the expert, which 

will be mentioned in this section. In this research, the direct method was used and after conducting 

interviews to understand and extract the variables required for the research, these concepts were first open 

coded, then categorized, and finally axial coding was performed to extract the research pattern. By 

examining the interview data ¬, other concepts were extracted in the same way. This process is fully 

shown in the table below. 

Table (4) Open coding process of interviews with experts 

Metrics Codes 

)invoice registration as document and processes ( such of accounting Automation  A1 

making -decision optimize to analysis data Financial  A2 

high accuracywith flows cash Forecasting  A3 

accountingin behaviors unusual and Identifying fraud  A4 

Managing other financial risks A5 

creditworthinessand customer credit assessment Automated  A6 

newsreports and economic in financial Sentiment analysis  A7 

processesaudit streamline internal To  A8 

reportsfinancial and automated intelligent Prepare  A9 

analysisand analysis cost in accuracy Increasing  A10 

calculationstax and forecasting of tax process the Improving  A11 

payroll managementSmart  A12 

price forecastingand stock analysis trend Market  A13 

intelligence analyticsinvestments with artificial organizational Optimizing  A14 

datatime  -real on based management liability Asset and  A15 

businessesfor services advisory financial Smart  A16 

errorsand correct accounting detect Automatically  A17 

intelligence encryption information with artificial of accounting security Increasing the 

algorithms 
A18 

intelligent monitoringand management contract Financial  A19 

to customersrespond accounting chatbots to Using  A20 

performancecompany evaluating financial statements for of Automated analysis  A21 
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costscontrol of organizational management and Improving  A22 

standardson based establish financial reporting To  IFRS and GAAP A23 

launderingmoney prevent trends to financial unusual Identifying  A24 

solutionssmart budgeting Providing  A25 

managersby making  -decision better dashboards for dynamic financial Creating  A26 

IntelligenceBusiness   ) BI  (dataaccounting of analysis for comprehensive  A27 

opportunitiesinvestment discover new big data to financial Analyzing  A28 

statementsbank accounts and financial reconciliation of the in Increased efficiency  A29 

recommendationsfinancial systems for intelligent expert Creating  A30 

organizationscredit in and financing of management Intelligent  A31 

reportsmanagement risk financial preparing in accuracy Increasing  A32 

lossesprocesses and financial management of insurance Effective  A33 

processesreceipt and payment Automating  A34 

costsproduct finished of accounting evaluation and the accuracy in Increasing  A35 

managementdocument workflow accounting and financial Optimize  A36 

processingdata financial automated through costs operational Reduce  A37 

artificial intelligencemanagement with Improving review  A38 

systemsFragmentation of  ERP accountingand smart  A39 

recommendationsto provide personalized financial data accounting Analyzing  A40 

As can be seen in the table above ¬, 40 sub-themes were identified from the interviews .¬ 

The next step after identifying and extracting codes from the interviews ¬is to determine categories and 

summarize concepts. In this section, based on the concepts of the codes, the main categories or 

dimensions of the model are determined.  

Table (5) Concepts and the contents In hand Came From Data Qualitative 

Main component Combined codes 

documentsprocessing of financial automatic Automation and  ( 1 , 9 , 12 , 17 , 34 , 37) 

forecastingand financial analysis Intelligent  ( 2 , 3 , 13 , 26 , 39) 

managementrisk and financial detection Fraud  ( 4 , 5 , 14 , 24 , 32) 

optimizationreporting and financial Auditing  ( 8 , 10 , 21 , 23 , 31) 

managementpayroll and finance Smart  ( 11 , 12 , 30) 

economic datafinancial and of analysis Intelligent  ( 7 , 15 , 28 , 40) 

liabilitiesand of assets management Intelligent  ( 15 , 19 , 33) 

informationaccounting protection of security and Increasing the  ( 18 , 24) 

making -decision smart and advice Financial  ( 16 , 20 , 22 , 27) 

systemsreceipt and financial restructure payment To  ( 29 , 35 , 36) 

efficiencysystems of accounting and improvement Integration  ( 38 , 39) 

Budgetingand Management in Investment Intelligence Artificial  ( 25 , 32) 
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Table (5) shows the results of converting conceptual codes into themes, which are actually mentioned as 

indicators in the model. 

Table (6) Concepts and the contents Final 

Main components Combined codes 

processing of intelligent Automation and 

datafinancial  

management , , payment , auditing Document automation 

cost optimization 

analysis , financial based  -Data 

making -decision and , forecasting  

, financial management risk , trends of economic Analysis 

managementinvestment , forecasting  

integration of security and the Increasing 

systemsaccounting  

fragmentationsecurity , Data   ERP  ,financial reporting 

optimization 

Services in Financial Intelligence Artificial 

Consultingand  

asset , payroll management , tax and consulting Financial 

managementliability and  

Achieving theoretical adequacy 

How long does the data collection process continue? This is to ensure that the researcher reaches the 

saturation point in the data and that the concepts related to the phenomenon in question that are raised by 

different interviewees are not repeated and that no new material is added to the model. The following 

table shows how this criterion was met in the present study: 

Table (7) How to achieve theoretical adequacy 

Interview 

The 

abundance of 

open source 

code 

Number 

of 

concepts 

Completing 

previous 

concepts 

The 

emergence of 

new categories 

Completing 

previous 

categories 

Automation and 

intelligent 

processing of 

datafinancial  

83 45 - 11  

based  -Data 

analysis , financial 

and , forecasting 

making -decision  

62 61 16 2 2 

the Increasing 

security and 

integration of 

systemsaccounting  

69 67 6  1 

Artificial 

in Intelligence 

Services Financial 

Consultingand  

48 69 2   
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Next, the fuzzy analytic hierarchy process technique was used for ranking, the results of which are given 

below: 

After the pairwise comparison table with fuzzy triangular numbers was formed, the ratio of the 

magnitudes of the indicators to each other was calculated using the EA method, and based on that, the 

non-normal weight ( w' ) of each indicator was obtained. The non-normal weights were normalized, and 

the normal weights (W) were obtained. The calculation procedure is as follows: 

Table (8) Fuzzy decision matrix 

       L M U 

S1 17,000 25,000 33,000 0.007 0.008 0.012 0.118 0.212 0.393 

S2 21,000 29,000 37,000 0.007 0.008 0.012 0.146 0.246 0.440 

S3 19,000 27,000 33,000 0.007 0.008 0.012 0.132 0.229 0.393 

S4 27.000 37.000 41.000 0.007 0.008 0.012 0.188 0.314 0.488 

) Results of index weights8Table (  

 w1 w2 w3 w4 

w 0.2113 0.2492 0.2236 0.3159 

 
Figure (1) Prioritizing future opportunities for using artificial intelligence in the field of accounting 

Table (9) Prioritization of main variables 

Priority Weight Criteria Row 

4 0.2113 datafinancial processing of intelligent Automation and  1 

2 0.2492 making -decision and , forecasting analysis , financial based  -Data  2 

3 0.2236 systemsintegration of accounting security and the Increasing  3 

1 0.3159 ConsultingServices and in Financial Intelligence Artificial  4 
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According to Table (9), it is observed that , according to the main weight obtained in the order of artificial 

intelligence indicators in financial and advisory services , analysis , forecasting and data - based financial 

decision - making , increasing security and integration of accounting systems and automation and 

intelligent processing of financial data . They are the most and least important in the group. 

Conclusions 

This study was conducted with the aim of identifying and prioritizing future opportunities for the use of 

artificial intelligence (AI) in the field of accounting. The results, based on the perspectives of 20 

accounting experts in Tehran, showed that AI can bring about a significant transformation in this field. In 

the early stages of the research, 40 key opportunities related to AI applications in accounting were 

identified. After a process of analysis and integration, these were condensed into 12 components and then 

further refined into 4 main components: 

(1) Automation and intelligent processing of financial data, 

(2) Data-driven financial analysis and forecasting, 

(3) Enhanced security and integration of accounting systems, and 

(4) AI in financial and advisory services. 

The findings revealed that automation of accounting processes and intelligent data processing are among 

the most important future opportunities in this domain. These advancements can lead to reduced 

operational costs, improved accuracy, and optimization of financial procedures. Additionally, the use of 

machine learning and natural language processing techniques can streamline the processing of financial 

information and enable deeper and faster analyses. 

Another significant outcome of the study was the role of AI in financial forecasting and analysis. Given 

the enormous volume and complexity of financial data, traditional accounting and financial methods are 

no longer sufficient to meet organizational needs. The study demonstrated that AI models can facilitate 

advanced analysis of financial markets, economic trends, and cash flow predictions. This, in turn, can 

help companies optimize investments, reduce financial risks, and improve efficiency in economic 

decision-making. Furthermore, market sentiment analysis through data mining in financial reports and 

economic news enables more intelligent financial decision-making. AI can also be used to predict the 

financial status of companies and clients, contributing to better financial resource management and 

lowering the risk of default. 

The research also indicated that improving security and integration of accounting systems will be another 

key component for the future of the field. With the rapid rise of cyberattacks and security threats, using 

advanced encryption algorithms and blockchain technologies in accounting can enhance the security of 

financial information. Moreover, integrating smart accounting systems with other organizational 

management systems (such as ERP) can improve overall organizational performance and reduce issues 

related to data incompatibility. AI technologies in accounting security can also help detect and prevent 
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financial fraud. Managing financial risks and identifying anomalies in financial transactions are additional 

AI benefits that enable organizations to make more accurate strategic decisions. 

Finally, the findings of the study showed that AI can play a substantial role in improving financial and 

advisory services. AI-powered accounting chatbots and financial advisory systems can assist clients and 

financial managers in making more informed decisions. Furthermore, using AI in tax management and 

generating accurate financial reports can enhance organizational efficiency. Accordingly, it is 

recommended that accounting firms and organizations develop strategic plans for adopting and 

implementing AI technologies. Given the importance of training personnel to effectively utilize these 

technologies, it is essential that universities and educational institutions include courses related to digital 

accounting and AI in their curricula. 

In summary, this study demonstrated that the use of AI in accounting can not only enhance efficiency and 

accuracy but also transform financial processes and improve economic decision-making. 

Research Limitations 

Despite offering valuable insights into identifying and prioritizing future AI opportunities in accounting, 

this study faced several limitations that may affect the generalizability of its findings. 

First, the limitation of the research population was a challenge. The study focused on 20 accounting 

experts in Tehran who, although experienced and familiar with modern technologies, may not reflect the 

views of professionals in other cities or countries, or those with varying levels of expertise. Future studies 

are encouraged to expand the sample to include experts from diverse geographic areas. 

Second, the rapid advancement of AI technologies in accounting presents another limitation. As AI 

technologies are evolving quickly, some of the opportunities identified in this study may change or be 

replaced by newer technologies in the near future. Hence, the findings of this research require continuous 

updating and alignment with technological trends and market developments. It is recommended that 

similar studies be conducted at regular intervals (e.g., every 2 to 5 years) to monitor changes in AI and 

accounting. 

Third, the research methodology, including the use of fuzzy Delphi and multi-criteria analysis techniques, 

posed limitations. While these methods are effective for consensus-building and prioritization among 

experts, they are inherently subjective and can be influenced by individual biases. Future research could 

mitigate this limitation by incorporating big data analytics and machine learning models to automatically 

extract trends and opportunities in AI for accounting. 

Finally, this research did not explore the operational and infrastructural challenges of implementing AI in 

accounting. Although it focused on future opportunities, obstacles such as high implementation costs, 

limited familiarity of accountants with new technologies, legal constraints, and ethical concerns were not 

deeply investigated. Future studies could use fieldwork and empirical research in accounting and financial 

firms to explore these practical challenges in detail. 
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Practical Managerial Recommendations 

Based on the findings of this study, the following practical and managerial recommendations are 

proposed to better leverage future AI opportunities in accounting: 

Investment in Digital and AI Infrastructure 

Financial and accounting managers should invest in the development of IT infrastructure, including cloud 

computing systems, blockchain, and machine learning technologies. These investments not only increase 

the accuracy and speed of financial data processing but also reduce operational costs and enhance 

productivity. 

Training and Skill Development for Employees 

One of the main challenges in adopting AI in accounting is employees’ unfamiliarity with modern 

technologies. Managers are advised to improve accountants' digital skills through specialized training 

courses, hands-on workshops, and collaborations with universities and educational institutions. This 

approach will reduce resistance to technological change and boost the efficiency of smart accounting 

systems. 

Integration of Financial Systems with AI Technologies 

Organizations should integrate their traditional accounting systems with AI and big data analytics to 

enable automation, fraud detection, financial forecasting, and advanced analysis. Such integration can 

optimize financial decision-making and prevent human errors in data processing. 

Development of Legal and Ethical Frameworks for AI Use 

Financial managers and policymakers must establish clear legal and ethical frameworks for using AI in 

accounting. Key issues such as data privacy, information security, legal responsibilities in machine 

learning applications, and algorithmic bias must be addressed to prevent potential negative outcomes of 

this technology. 

Support for Fintech Startups and Technology Companies 

Managers can benefit from AI-driven innovations in accounting by creating supportive ecosystems, 

investing in fintech startups, and collaborating with technology firms. These partnerships can lead to the 

development of intelligent financial systems, automated auditing, and AI-powered advisory services. 

Enhancing Cybersecurity in Digital Accounting Systems 

Given the growing cyber threats, managers must implement advanced security measures such as data 

encryption, multi-factor authentication, and blockchain to protect financial information. These actions can 

safeguard against unauthorized access, fraud, and data manipulation. 
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